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Guiding questions:  
1. What is the big idea behind the proposed solution? How does it address the problem?  
2. What inspired this solution (e.g. practices from other countries; adapted from an existing 

concept)? How is this solution different from what has been tried before? 
 

3. How do you measure and evaluate the outcomes of the intervention?  
4. What resources are needed to deliver the solutions? 

 

Rising levels of sedentary lifestyles among young people, particularly those in employment, is a 

growing global problem. It was hoped the availability of low-cost wearable technologies (e.g. 

Fitbits) would address the problem, especially given their popularity with this audience, but 

there is limited evidence to suggest wearable technologies alone impact physical activity levels1. 

 

As behavioural science practitioners, this shouldn’t be surprising. Wearing a rubber band around 

your wrist – albeit a technologically sophisticated one - does not make you physically active. As 

with many findings from the behavioural science community, we believe the solution is to use 

technology in a way that goes with the grain of human psychology. 

 

Over the last eighteen months we have carried out two large-scale natural field experiments in 

workplaces that use wearables to inform and deliver behavioural interventions. 

 

In the first study, conducted in Australia, participants in a large firm, working in teams, were 

randomised to be sent one of two types of message to encourage them to take more steps per 

day. The control message informed participants of their previous week’s performance and their 

ranking within their ‘challenge group’. The treatment intervention provided additional 

information, including how far participants were from group leaders, how far behind their 

pursuers were, and the best performer on their own team. The intervention resulted in a 

significant increase in steps during the challenge, which persisted for months afterwards (figure 

1).  

  

1 Finkelstein, E. A., Haaland, B. A., Bilger, M., Sahasranaman, A., Sloan, R. A., Nang, E. E. K., 
& Evenson, K. R. (2016). Effectiveness of activity trackers with and without incentives to 
increase physical activity (TRIPPA): a randomised controlled trial. The Lancet Diabetes & 

Endocrinology, 4(12), 983-995. 



	
Figure	1	

	
We	also	found	that	the	act	of	‘resetting’	the	challenge	by	offering	participants	a	“Fresh	Start”,	
following	the	research	of	Dai	and	others2,	significantly	increased	steps.	Additionally,	we	
discovered	that	while	the	intervention	had	no	effect	on	high	performing	participants	(figure	2),	it	
was	(contrary	to	our	expectations)	especially	effective	for	women	(figure	3).	

	
Figure	2	

																																																													
2	Dai, H., Milkman, K. L., & Riis, J. (2014). The fresh start effect: Temporal landmarks motivate 
aspirational behavior. Management Science, 60(10), 2563-2582. 



	
Figure	3	

	
In	a	second	trial,	carried	out	in	a	UK	workplace,	participants	were	offered	either	generic	(10,000	
steps	per	day)	or	personalised	(10%	more	steps	than	last	week)	targets,	communicated	to	them	
weekly.	We	found	the	intervention	had	a	large	effect	for	high	performers	(already	achieving	10k	
steps	per),	and	for	men	(figure	4).		
	

	
Figure	4	

	
	
To	bring	these	findings	together	we	are	developing	“Good	Habit	Lab”	(GHL),	a	low-cost	web	
platform	that	works	with	organisations	including	employers,	insurers,	and	NGOs	to	help	motivate	
people	to	achieve	physical	activity	goals.	GHL	fuses	insights	from	behavioural	science	with	data	
from	a	range	of	wearable	technologies	(including	Apple	Health,	Fitbit,	Google	Fit).		
	



GHL	is	unique	because	instead	of	using	a	single	lever	we	combine	insights	from	across	the	
behavioural	sciences,	and	from	dozens	of	our	own	experiments.	For	example,	as	well	as	the	
studies	above,	we	also	make	use	of	our	learnings	from	social	support	trials	in	education	(figure	5),	
exploit	loss	aversion	through	posts	to	Facebook	or	messages	to	a	friend	if	you	don’t	go	for	a	run,	
and	employ	automatic	escalation3	of	targets.		
	

	
Figure	5	

	
	
Our	outcomes	can	be	evaluated	using	randomised	trials	within	the	platform.	Using	causal	machine	
learning	GHL	can	work	out	not	just	what	works	but	what	works	best	for	whom	in	order	to	make	
smart	recommendations	for	its	users.		
	
	
	
	
	
	
	
	
	
	

*For	submission,	and/or	any	queries,	please	send	them	to:	contact@bx2017.org		

																																																													
3	Thaler, R. H., & Benartzi, S. (2004). Save more tomorrow™: Using behavioral economics to 
increase employee saving. Journal of political Economy, 112(S1), S164-S187. 


